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Abstract

Artificial intelligence (Al) is increasingly embedded in managerial work, yet its organisational
value cannot be explained by adoption alone. Al can automate bounded tasks, augment
managerial judgement, or combine both roles across different decision stages. This conceptual
paper develops an integrative framework explaining how Al adoption influences managerial
decision-making and organisational performance through human—AI collaboration and
decision implementation. Drawing on the automation—augmentation paradox, sociotechnical
systems thinking, decision-making theory, and dynamic capabilities, the paper argues that Al
creates value when analytical capabilities complement managerial contextual knowledge and
are embedded in accountable routines. The framework proposes that Al adoption influences
decision quality through information processing, option generation, and decision support;
decision quality contributes to performance when decisions are implemented effectively.
Human—AI collaboration is positioned as a central mechanism, while task structuredness,
uncertainty, managerial Al literacy, trust calibration, data quality, and governance are proposed
as boundary conditions. Seven propositions guide empirical testing. The paper contributes by
moving beyond a simple adoption—performance relationship and explaining mechanisms and
conditions through which AI may support or undermine managerial judgement and

organisational outcomes.

Keywords: Artificial intelligence; automation; augmentation; managerial decision-making;

human—AlI collaboration; organisational performance; Al governance
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1. Introduction

1.1 Background of the Study
Artificial intelligence (Al) increasingly
supports operational, tactical, and strategic
managerial activities through automation,
information analysis, forecasting, and
decision support. However, its organisational
value depends on how technologies interact
with managerial expertise, organisational
readiness, and governance. Automation
delegates defined tasks to AI, whereas
augmentation  combines  technological
capabilities with human interpretation and
contextual judgement. These modes can
coexist within organisational processes rather
than function as mutually exclusive
alternatives (Raisch & Krakowski, 2021).

Human—AI collaboration therefore requires

attention to how managers interpret,
challenge,  implement, and  review
recommendations, particularly when

decisions involve uncertainty and competing

priorities (Jarrahi, 2018).

1.2 Problem Statement

Al adoption does not automatically improve
managerial decision quality or organisational
performance. Managers may struggle to
assess analytical outputs, interpret their
contextual relevance, or translate
recommendations into coordinated action.
Technological integration also differs from
establishing  decision  authority = and
accountability (Baird & Maruping, 2021).
Although existing scholarship addresses
adoption, automation, augmentation, and
collaboration, further conceptual integration
1s needed to explain their connections with
decision

quality, implementation, and

performance. This study addresses that
problem by examining these relationships
alongside task characteristics, managerial Al
literacy, calibrated trust, data quality, and

governance as conditions that may strengthen

or constrain outcomes.
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1.3

Research Aim and Research

Objectives

Research Aim

To develop an integrative conceptual

framework explaining how Al adoption,

through automation and augmentation,

influences managerial decision-making and

organisational performance.

Research Objectives

RO1: To distinguish automation and
augmentation as related modes of Al
use and explain how they can be
combined across managerial decision
tasks.

RO2: To explain how human—Al
collaboration connects Al adoption
with managerial decision quality.
RO3: To examine how managerial
decision quality and decision
implementation connect Al use with
organisational performance.

RO4: To identify how task
characteristics,

managerial Al

literacy, calibrated trust, data quality,

and Al governance shape the
proposed relationships.

ROS: To develop a process-oriented
conceptual framework and
propositions integrating these

relationships  to  guide  future

empirical research.

1.4 Research Questions

RQ1: How do automation and
augmentation differ, and how can
they be combined across managerial
decision tasks?

RQ2: How does human-Al
collaboration connect AI adoption
with managerial decision quality?
RQ3: How do managerial decision
quality and decision implementation
connect Al use with organisational
performance?

RQ4: How do task characteristics,
managerial Al literacy, calibrated
trust, data quality, and Al governance
shape the proposed relationships?

RQS5: How can these relationships be

integrated into a process-oriented
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conceptual framework and
propositions  that guide future

empirical research?

1.5 Research Gaps

Al Adoption Conceptualisation
Gap: Building on research on
delegation and managing with Al
further integration is needed to
connect adoption, collaboration,
managerial decisions, and
organisational performance (Baird &
Maruping, 2021; Hillebrand et al.,
2025).
Automation-to-Augmentation
Gap: Building on the
interdependence of automation and
augmentation, further explanation is
needed of how their combination
supports  managerial  judgement

across decision tasks (Page &

Kallapur, 2026; Raisch & Krakowski,

how Al capabilities and human
judgement jointly influence
managerial decision quality (Jarrahi,
2018; Li & Tian, 2026).
Decision-Making-to-Performance
Gap: Research on complementary
capabilities and  organisational
transformation motivates clearer
explanation of how implementation
translates improved decisions into
organisational performance (Teece,
2007; Vial, 2019).

Contextual Conditions and
Governance Gap: Trust, interaction
design, and algorithmic control
research motivate integrating
managerial capabilities, data quality,
and governance into the proposed Al-
decision—performance pathway
(Amershi et al., 2019; Glikson &

Woolley, 2020; Kellogg et al., 2020).

2021).
1.6 Significance of the Study
e Al-to-Decision-Quality Gap:
This study connects Al adoption, human—Al
Existing  collaboration  research

collaboration, managerial decision quality,
provides a basis for further specifying
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decision implementation, and organisational
performance within an integrated conceptual
framework. Its theoretical significance lies in
combining sociotechnical systems thinking,
decision-making theory, the automation—
augmentation paradox, and dynamic
capabilities to explain how organisational
managers, it

value may emerge. For

highlights ~ task  allocation, = human
accountability, literacy, calibrated trust, data
quality, and governance as considerations for
responsible Al use. For researchers, the
framework and seven propositions provide a
foundation for empirical investigation while
distinguishing proposed relationships from
validated findings and recognising that
improved decisions require effective
implementation to support performance.

2. Literature Review

2.1 AI Adoption in Organisations

Al adoption involves integrating Al-enabled
technologies into managerial tasks, routines,
and decision processes. Davenport and
Ronanki (2018) and Kaplan and Haenlein

(2019) discuss business applications, while

Baird and Maruping (2021) explain
delegation between people and agentic
information systems. Faraj et al. (2018) and
Kellogg et al. (2020) show that algorithms
interact with routines, expertise, and
workplace relationships. Hillebrand et al.
(2025) integrate human—AlI collaboration and
algorithmic management, providing a
benchmark for examining managerial Al use.
Adoption therefore cannot be equated with
effective use or organisational value.
Building on these perspectives, this paper
connects adoption, collaboration, decision
quality, implementation, and performance
within a process-oriented framework. Its
proposed  contribution  concerns  the
connections among these elements and their
contextual conditions.

2.2 Automation and Augmentation
Automation delegates defined, repeatable
tasks to Al, potentially improving processing
speed, consistency, and scale. Augmentation
uses Al to extend managerial analysis
evidence

through pattern recognition,

synthesis, and alternative generation while

Volume 2. Issue 4. November 2026


https://jbpar.org/

jopar

ISSN (Online) : 3139-3187

https://jbpar.org

retaining  human  interpretation  and

accountability. Raisch and Krakowski (2021)
explain that these modes are interdependent
rather than mutually exclusive. Page and

Kallapur  (2026)  further  distinguish

replacement, human—Al partnership, and

disruptive  Al-generated ideas. Their

perspectives  support  allocating  tasks

according to decision requirements rather

than assuming one mode is consistently

superior. Structured activities may suit
automation, whereas ambiguous decisions
require greater contextual judgement. Both
approaches nevertheless require verification
and oversight. The proposed framework
connects their allocation with collaboration,
decision and

quality, implementation,

performance, recognising that benefits

depend on how technological capabilities

complement managerial work.

Automation Mode Augmentation Mode
(AI performs the task) Conlextual Factors (AI supports human decision-making)
e High task structuredness e Task characteristics e Low task gtrqctumdn&ss
e Task repeatability (4-- e Decision complexity [~ . o Task ambiguity )
o Clear rules and procedures ° Uncer.tain.tynal .+ @ : l}{l:e%;t g:zl‘s:m ::trﬁlemy
e Low need for human judgement ® Organisational needs 5 ; .
: interpretation and judgement
7 ' U
Examples of Automated Tasks Examples of Augmented Tasks
e Data entry and processing Complemen : Use. e Strategic decision-making
e Routine reporting { et SiGTon o e Problem-solving in uncertain situations
* ; can be combined depending 2 4 ¥
e Standardised al}a'lyms on task characteristics o Scenan9 analysis and for.ecastmg .
o Rule-based decision tasks and organisational needs. e Innovation and opportunity evaluation
e Transaction processing e Stakeholder judgement and negotiation

Task Allocation Continuum

< More Automation

More Augmentation >

Figure 1. Automation and augmentation as contingent and potentially complementary modes of task allocation.

2.3 Managerial Decision-Making

Managerial ~ decision-making  involves
defining problems, interpreting evidence,
comparing alternatives, and selecting actions
aligned with organisational objectives. Al

can expand information processing and

option generation, but decision quality also

depends on contextual relevance and
uncertainty. Jarrahi (2018) describes human—
Al symbiosis as combining computational
analysis with human judgement. Responses
to algorithmic advice can reflect aversion or
appreciation (Dietvorst et al., 2015; Logg et

al., 2019). Glikson and Woolley (2020)
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review determinants of trust in Al, supporting
attention to appropriate reliance. Effective
collaboration therefore requires calibrated
trust,  verification  opportunities, and

accountability. Li and Tian (2026) further

examine Al-human decision configurations.

The  proposed  framework  positions
collaboration as a mechanism linking
adoption with decision quality, while
recognising that organisational benefits

require effective implementation.

2.4 Organisational Performance

Organisational performance encompasses
operational efficiency, productivity, service
quality, innovation, adaptability, customer
outcomes, and financial results. Al may
support these outcomes through faster
processing, improved forecasting, resource
allocation, and more consistent decisions.
However, its

contribution depends on

complementary  organisational  changes

rather than technological capability alone

(Makridakis, 2017; Vial, 2019).

Implementation costs, integration

difficulties, employee learning, and oversight

requirements can influence the timing and
extent of benefits. Local improvements may
also fail to generate wider value when they
create bottlenecks or prioritise measures

disconnected from strategic objectives. The

framework therefore distinguishes
managerial ~ decision  quality  from
organisational ~ performance.  Effective

implementation, involving communication,

coordination, resource allocation, and
monitoring,  provides  the  proposed
connection between these outcomes.
Performance improvements remain

contingent expectations rather than automatic
consequences of adoption.

25 The Automation—Augmentation
Paradox

The automation—augmentation paradox
challenges the assumption that organisations
should permanently prioritise  either
technological substitution or human support.
Raisch and Krakowski (2021) explain that
these demands can coexist and influence one
another. Automating predictable activities
release attention for

may managerial
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interpretation, exception handling, and
relationship-intensive ~ work.  However,
excessive  automation can  weaken

opportunities to maintain expertise, while

extensive ~ augmentation may  create

additional review demands. Appropriate

allocation therefore depends on task
characteristics and decision stages. Data
extraction and routine checking may be
automated, interpretation may be augmented,
and consequential choices may require
human deliberation. These arrangements
should evolve alongside system capabilities
framework

and governance. The

consequently  treats  automation  and
augmentation as contingent combinations

whose value should be assessed through

decision quality, accountability,
implementation, and organisational
outcomes.

3. Theoretical Foundation
3.1 Sociotechnical Systems Perspective

A sociotechnical perspective holds that
organisational outcomes depend on the joint

design of technological and social systems.

Al is not simply inserted into an otherwise
unchanged workplace. Its outputs interact
with employee skills, task structure,
incentives, authority, communication, and
organisational culture. A technically capable
system can fail if users do not understand its
limits or if  workflows  prevent
recommendations from being acted upon.
Conversely, a modest system may create
value when integrated into clear routines and
supported by capable users. This perspective
supports the emphasis on collaboration, work
design, and governance as mechanisms

connecting adoption with outcomes (Faraj et

al., 2018; Kellogg et al., 2020).

3.2 Decision-Making and Bounded

Rationality

Managerial decisions are constrained by

limited time, attention, information, and

cognitive  capacity. Simon’s  (1955)
behavioural account of rational choice
provides a  foundational basis for

understanding these constraints. Al can
extend analytical capacity by processing

large datasets, identifying patterns, and
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generating options. However, it does not
remove bounded rationality; it changes the
sources of constraint. Managers may face
opaque recommendations, unreliable
outputs, information overload, or difficulty
distinguishing plausible language from valid
evidence. Al-supported decisions therefore
require a  process that combines
computational scale with human contextual

interpretation and critical review (Shrestha et

al., 2019).

3.3 Automation—Augmentation Paradox

The automation—augmentation paradox
(Raisch & Krakowski, 2021) is useful
because automation and augmentation can be
contradictory yet interdependent demands.
Organisations may seek efficiency through
automation while needing human judgement
for novelty,

exception handling,

accountability, and learning. Prioritising
automation too strongly can erode human
capability; prioritising augmentation without
disciplined task allocation can create

inefficient dependence on human review. The

framework proposes contingent coexistence

rather than a universal rule that augmentation

is always preferable.

34 Dynamic Capabilities and

Complementary Resources

The  resource-based  view  explains

differences in performance through valuable,
rare, imitable, and

imperfectly non-

substitutable resources (Barney, 1991).
Applied here, Al must be combined with
complementary expertise, data, and routines
rather than treated as a sufficient source of

advantage. Dynamic capabilities explain how

organisations  sense  changes,  seize
opportunities, and reconfigure resources
(Teece, 2007). Al may support these

activities through monitoring, prediction, and
decision support, but benefits depend on
governance, learning, and execution. This
perspective connects technological use with
organisational adaptation and
implementation rather than assuming that
technology ownership produces sustained

performance improvements (Teece, 2007,

Vial, 2019).

Volume 2. Issue 4. November 2026


https://jbpar.org/

jopar

ISSN (Online) : 3139-3187

https://jbpar.org

Together, these perspectives provide

complementary explanations: the
sociotechnical lens explains joint design;
decision theory explains judgement under
constraints; paradox theory explains the
automation and

tension between

augmentation; and dynamic capabilities
explain how Al-enabled decision processes
contribute  to

may adaptation  and

performance.

4. Research Methodology
4.1 Research Design

The conceptual approach is appropriate
because the primary objective is to integrate
established theoretical perspectives and
develop logically connected propositions
rather than estimate statistical relationships
using primary data. The framework is theory-
building in orientation: it identifies the
principal constructs, specifies the proposed
relationships among them, and outlines the
conditions under which these relationships
may vary. The resulting propositions are
should be

theoretical expectations and

evaluated through future empirical research
rather than interpreted as confirmed causal

effects.

4.2 Literature Selection

For analytical consistency, the selected
literature was organised according to its
relevance to the research questions and the
explanatory role it played in the proposed
framework. Foundational theoretical studies
were used to establish the underlying
perspectives, while research on Al adoption
and human—AI collaboration informed the
proposed mechanisms and relationships. The
synthesis focused on conceptual alignment,

differences in theoretical emphasis, and the

connections among Al adoption,
collaboration, decision quality,
implementation, and organisational

performance. Because a reproducible search
and screening record was not maintained, this
approach should be understood as a theory-
led integrative

synthesis rather than a

comprehensive or systematic evidence

review.
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4.3 Thematic Synthesis and Framework

Development

Framework development involved

connecting the explanatory insights of these

perspectives into a single proposed process

model. The sociotechnical perspective

informed the role of organisational and work-

design conditions; bounded rationality

informed the importance of managerial

contingent relationship between automation
and augmentation; and dynamic capabilities
informed the connection between Al-enabled
decision processes and organisational
adaptation. These connections were then
expressed through the proposed constructs
and propositions (P1-P7). The resulting

model represents a conceptual synthesis

developed by the authors and remains subject

information-processing to empirical validation.

judgement  and
limitations; paradox theory informed the

Table 1. Research Methodology Overview

Component Description Purpose
. Conceptual research usin, . .
Research design . p' . & Develop a theory-driven explanation
integrative synthesis
Al adoption; | Clarify concepts and relationships
. automation/augmentation;
Literature themes .. .
decision-making; performance;
governance
. Thematic comparison and | Identify mechanisms and research
Analytical approach . .
conceptual integration gaps
Sociotechnical systems; bounded .
. . . Explain complementary
Theoretical lenses rationality; paradox  theory; )
mechanisms

dynamic capabilities

Five research questions, five | Guide future empirical validation

Research output objectives, and seven propositions

5. Proposed Conceptual Framework The proposed framework explains how Al

adoption may contribute to managerial
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decision-making and organisational  decision requirements. Human—AlI
performance through human—Al  collaboration combines analytical
collaboration and effective implementation.  capabilities with contextual knowledge,
It distinguishes the principal constructs and  supporting information processing,
identifies conditions that shape their alternative evaluation, and judgement.
relationships. However, improved decision quality does not

automaticall enerate organisational
5.1 Overview of the Proposed Conceptual Y Y g 8

benefits; implementation translates selected
Framework

decisions into coordinated action. Task

The proposed conceptual framework
characteristics, managerial Al literacy,

connects Al adoption, human—AlI
calibrated trust, data quality, and governance

collaboration, managerial decision quality,
shape these relationships. Figure 2 presents

decision implementation, and organisational
the proposed pathway and its supporting

performance. Automation and augmentation
conditions. These relationships remain

represent complementary approaches whose
conceptual expectations requiring empirical

suitability depends on managerial tasks and

validation.
h 4
’:m:' // Proposed Conceptual Framework \\ /
T e I~
lll\
Task Characteristics Managerial AI Literacy Calibrated Trust in AI Data Quality and AI Governance
(Moderator: P7) (Precursor: P3) (Precursor: P4) (Enabler: P6)

.Q.] ® Task structuredness . @ Al knowledge and skills ® Trust in Al outputs a» ° Highqulity and relisble data
W — ® Task repeatability .Q~ ® Understanding of Al limitations ‘ ® Appropriate reliance ® Clear govenance and decision rights
5_—0 @ Task ambiguity @ Critical evaluation and verification 40 ; ® Awareness of risks and biases % ® Transparency and explainability

— ® Decision complexity . # Confidence in using Al  Willingness to collaborate ® Monitoring and accountability

i P7 P3 P4 i P6
: (Moderates) - (Positive effect) (Positive effect) : (Enables)
(- SS ~y  (osiive coc) (Positive effect via implementation) i
y v [ vV
Y & o il

AI Adoption & al

(Automation and Human-Al L _P2A Managerial Decision Organisational

Augmentation) Collaboration | )| Decision Quality Implementation Performance
Al technologi i S = formation processi © Communication and alignment Operational effici

5 !mplem;l;%lce; and . ‘é‘;ﬁﬂ;’: :: validation . gfpﬁon generation - ® Resource allocation * Innovation e lc{my

it il SaOWEm ooy e [l i e o e e

jomati see 2
S P Apnantition e J $= Complementary ””""'"“4 L Sliioc s o Monitoring and foedback e Sustainable growth
A
. [ Feedback and Learning )_ ?
'\__ (Continuous improvement) _/
[ » Direct g » Moderating / Enabli lationship | P itions (Relationships in the fra rk) ]
// Figure 2. Proposed conceptual framework linking AT adoption, human-AlI collaboration, \\

managerial decision quality, implementation, and organisational performance (P1-P7).
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5.2 Al Adoption: Automation and
Augmentation Modes

Al adoption operates through automation and
augmentation, with each mode serving
different managerial requirements.
Automation delegates structured, repetitive,
and rule-based activities to Al, potentially
improving speed, consistency, and efficiency.
Augmentation supports managerial
judgement through information analysis,

pattern identification, scenario evaluation,

and alternative generation. Organisations

may combine these modes within the same
decision process rather than adopt one
universally. Predictable activities may suit
automated execution, whereas ambiguous or
uncertain decisions require greater human
interpretation and oversight. Consequently,
effective adoption depends on matching
technological  capabilities  with  task
requirements. Table 2 distinguishes these

modes from the framework’s other constructs

and explanatory roles.

Table 2. Core Constructs and Their Roles in the Conceptual Framework

Construct Working definition or dimensions | Role in the framework
Al adoption Introduction and assimilation of Al- | Starting condition; does not
enabled tools into managerial tasks guarantee value
Automation and | Al task execution and Al-supported | Complementary modes of
augmentation human judgement task allocation
Human—AI Interaction, interpretation, challenge, | Proposed process
collaboration and division of work mechanism
Managerial decision | Accuracy, relevance, timeliness, | Proximal decision outcome
quality consistency,  explainability, and
contextual fit
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Decision Coordinated action, execution, and | Converts decisions into
implementation resource allocation organisational action
Organisational Efficiency, productivity, service | Distal, multidimensional
performance quality, innovation, risk control, and | outcome

longer-term effectiveness
Contextual Task characteristics, Al literacy, | Shape the proposed
conditions calibrated trust, data quality, and | relationships

governance
5.3 Human-Al Collaboration and evaluation of outputs. Drawing on trust
Managerial Decision Quality research (Glikson & Woolley, 2020),

, calibrated trust is understood here as reliance

Human-Al collaboration connects

technological capabilities with managerial

knowledge through interpretation,

evaluation, challenge, and application of Al-
generated recommendations. Al  may
improve information processing, identify
relevant patterns, and generate alternatives,

while managers assess contextual relevance,

organisational priorities, and potential

consequences. Managerial Al literacy

supports understanding of system capabilities

and limitations, enabling more informed

proportionate to system reliability rather than
unquestioning acceptance or unnecessary
rejection. Together, these capabilities may
strengthen  the  accuracy, relevance,
consistency, and timeliness of decisions. The
framework therefore positions effective
collaboration as an important mechanism

through which AI adoption may support

managerial decision quality.

Volume 2. Issue 4. November 2026


https://jbpar.org/

jopar

ISSN (Online) : 3139-3187

https://jbpar.org

5.4 Decision Implementation and

Organisational Performance

Decision implementation provides the
connection between managerial decision
quality and organisational performance.
Accurate and relevant decisions create
organisational value when translated into
communication, resource allocation,
coordination, execution, and monitoring.
Effective

implementation may support

productivity, operational efficiency,

innovation, and improved  resource

utilisation. However, limited resources,

employee resistance, inadequate
coordination, or unclear responsibilities can
constrain these benefits. The framework
therefore separates decision-level
improvements from wider organisational
outcomes and recognises execution capacity
as essential to their connection. Figure 3
illustrates how review and implementation
are followed by outcome monitoring and
learning. This feedback supports adjustments

to subsequent decisions, managerial routines,

and Al-supported work.

5.5 Contextual Conditions and

Responsible AI Governance

The framework recognises that Al-supported
decision outcomes depend on contextual
Task

conditions. structuredness,

repeatability, ambiguity, and complexity
influence the suitability of automation and
augmentation. Managerial Al literacy and
calibrated trust shape how recommendations
are interpreted, checked, and applied. Data
quality supports reliable analysis, while
responsible governance establishes decision
rights,

accountability, human oversight,

monitoring, and explainability. These

arrangements  help managers identify

limitations, address exceptions, and review
consequential recommendations.  Their
effectiveness may strengthen or constrain the
relationships among adoption, collaboration,
decision

quality, implementation, and

performance. Accordingly, organisational

value depends on the alignment of task
requirements,

managerial  capabilities,

reliable information, and accountable

governance practices.
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6. Conceptual Propositions

P1: Higher levels of Al adoption through
automation and augmentation are positively
associated  with

improved managerial

decision quality.

P2: More effective Human—AlI Collaboration
is positively associated with higher

managerial decision quality.

P3: Higher managerial Al literacy is
positively associated with more effective

Human—AI Collaboration.

P4: Higher levels of calibrated trust in Al are
positively associated with more effective

Human—AI Collaboration.

PS: Higher managerial decision quality is

positively  associated  with  improved
organisational performance when decisions

are implemented effectively.

P6: Stronger Al governance and higher data
quality are positively associated with
improved

organisational  performance

through more reliable, transparent, and

accountable Al-supported decisions.

P7: Task characteristics, including task
structuredness, repeatability, and uncertainty,
moderate the relationships between Al
adoption modes and managerial decision
quality, such that the effectiveness of

automation and augmentation varies across

decision contexts.

7. Discussion and Implications

7.1 Theoretical Contributions

The framework connects Al adoption with
performance through collaboration, decision

quality, and implementation as distinct

conceptual links. It builds on Raisch and
Krakowski’s (2021) contingent view of
automation and augmentation. Hillebrand et

al. (2025) integrate collaboration and

algorithmic  management; the present

framework focuses specifically on how

decisions translate into organisational

outcomes through implementation. Its

contribution lies in connecting task allocation

with this process and distinguishing

improved  decisions from  realised

performance. Al literacy, calibrated trust,
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data quality, and governance shape the
proposed pathway. The framework integrates
established explanations rather than claiming
these elements are new, and its relationships

require empirical validation.

7.2 Managerial Implications

Managers should evaluate decision tasks

before selecting Al applications,

distinguishing  activities  suitable for

automation from those requiring augmented

judgement. Routine processing may be

automated when outputs can be checked,

while  ambiguous  decisions  require

contextual interpretation and  human

accountability. Organisations should

establish verification procedures, override
authority, and training covering system
limitations, bias, data protection, and
unreliable outputs. Performance assessment
should decision

examine accuracy,

timeliness, implementation success,
customer outcomes, employee capability, and

total cost. Tracking these indicators before

and after implementation can support
evaluation. Effective adoption therefore
requires attention to task allocation,

managerial competence, and the capacity to

translate decisions into coordinated action.
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Define decision problem
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Identify stakeholders
Set evaluation criteria
Assign accountability

5. Monitor and Learn

Track outcomes and performance
Compare actual vs. expected results

Update data, models and processes

2. Analyse

Use Al to generate and

L]
. analyse evidence
3 . . I e Compare alternatives
Identify lessons learned Responsnble Q o Assess unceitainty and risk
L]

Combine Al outputs with

Refine decision criteria and practices Human-AI anhgailidvenent
R Decision Cycle l
4. Decide and Implement 3. Review

Select the best course of action
Communicate the decision
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Manage organisational change
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i

Critically evaluate Al outputs

[ ]
—d o Check for bias, errors and
- inconsistencies
o o Ensure alignment with
organisational goals
[ ]

Consider ethical and legal implications
4 x

Enabling Governance and Resimnsible Use (Across All Stages)

... Human
a8 oversight

i

| Data Transparency

! quality and explainability
|

{

Monitoring

@ Clear decision AF Ethical and
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Figure 3. Responsible human-Al decision cycle with governance and feedback.

7.3 Governance and Responsible Use

Al  governance should reflect the
consequences of the decision being
supported. Routine internal activities may
require lighter controls, whereas
consequential decisions require stronger
documentation, review, and escalation.
Responsibility should remain clear even
when Al  supplies recommendations.
Meaningful oversight requires reviewers
with appropriate expertise, sufficient time,
access to evidence, and authority to challenge

outputs. Transparency and explainability

should support contextual understanding
rather than be assumed to improve outcomes
automatically (Amershi et al., 2019; Siau &
Wang, 2020; Sullivan & Weger, 2025). These
arrangements can strengthen accountability
while supporting proportionate, informed
reliance on Al throughout managerial

decision processes.

7.4  Organisational Learning and

Continuous Improvement

Organisational  learning connects Al-
supported  decisions  with  continuing

adaptation and improvement. Organisations
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should monitor implementation outcomes,
identify errors, and compare results with
expectations to inform subsequent decisions.
Feedback from managers and employees can
reveal system limitations, implementation
difficulties, and opportunities to improve task
allocation  between  automation  and
augmentation. As illustrated in Figure 3,
monitoring and learning form an ongoing
part of the responsible human—AlI decision
cycle. Regular review can help refine
decision criteria, update data and models,
strengthen

oversight, and adjust

organisational routines. These activities
support learning about when Al contributes
value without assuming that every observed

improvement results from Al adoption.

8. Limitations and Future Research

This study has several limitations that
provide opportunities for future research.

First, the paper is conceptual and does not

empirically  validate = the  proposed
relationships.  Therefore, the  seven
propositions  require  testing  through

quantitative, qualitative, or mixed-method

approaches. Second, the literature synthesis
is theory-led and integrative rather than a
systematic review with reproducible database
searches and formal screening. Third, Al
technologies, including predictive models,
recommendation systems, process
automation, and generative Al, differ in their
capabilities and risks. Their effects may vary
across industries, organisational sizes,
decision levels, and regulatory environments.
Furthermore, organisational performance is
multidimensional and influenced by factors
beyond  Al-supported

decision-making.

Future research should examine how

automation and augmentation influence
managerial decision quality across different
task contexts. Longitudinal studies and field
experiments could investigate human—Al
collaboration, managerial Al literacy,
calibrated trust, data quality, and governance.
Researchers should also explore how
effective decision implementation translates
improved decision quality into organisational

performance. Such investigations would help

validate and extend the proposed framework.
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9. Conclusion

Al adoption creates opportunities to automate
routine work and augment managerial
judgement, but it does not guarantee better
decisions or  stronger  organisational
performance. Value depends on how tasks are
and machine

allocated, how human

capabilities are combined, and whether
recommendations are translated into
effective action. This paper develops a
conceptual framework linking Al adoption

with human—Al collaboration, managerial

decision quality, decision implementation,

and organisational performance. It proposes

that task characteristics, managerial Al
literacy, calibrated trust, data quality, and
governance shape the strength of these
relationships. The framework advances a
contingent view of automation and
augmentation and offers seven propositions
for empirical testing. Its central implication is
that organisations should evaluate Al not
only by technical capability or adoption rates,

but by the quality, accountability, and

consequences of the decisions it supports.
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